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A Study of Infrared Gait Recognition Method Based on the Positive Gait Component
ZHAO Yongwei, ZHANG Erhu
(Faculty of Printing and Packaging Engineering, Xi’ an University of Technology, Xi’ an 710048, China)

Abstract; With the characteristics of low visibility and low contrast of infrared gait image, it will lead to
inaccuracy in the human silhouette segmentation, whereby the gait recognition performance is affected.
With an aim at the above problem, this paper proposes an infrared gait recognition method based on the
positive gait component. Firstly, an averaged gait image ( AGI) is segmented into 7 components, namely
head, arm, trunk, thigh, front-leg, back-leg, and feet. Secondly, gait features are extracted from each
component using Gabor-based region covariance matrices method. In order to eliminate the influence of
bad component, only 6 fine components are used to gait recognition. The method is evaluated on the CA-
SIA Infrared Night Gait Dataset with comparatively good recognition results obtained. Finally, the recog-
nition performance and effect of each component of human body is further analyzed, and a concept of the
positive component is proposed applicable to infrared gait recognition. The experimental results demon-
strate the validity and robustness of this method.

Key words: infrared gait recognition; gait components; Gabor transform; positive averaged gait image
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Fig.1 Some infrared night gait images from CASIA_C
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