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A Kind of Software Reliability Assessment Method Based on PSO-SVR
HE Zenglang, ZHANG Yikun, YANG Kaifeng, ZHANG Baowei

(Faculty of Computer Science and Engineering, Xi” an University of Technology, Xi’ an 710048 , China)
Abstract; In the process of software reliability modeling, if the support vector regression mechanism is
simply used, it is likely that the difficulty in parameter selection and the uncertainty in experimental data
themselves may lead to the realistic predicted results and low accuracy. For this reason, it is necessary to
reference the multi-parameter optimization advantages of particle swarm algorithm to combine PSO and
SVR optimization algorithm, to normalize the initial experimental data with hierarchical algorithms, and to
reject the abnormal data and construct a software reliability assessment method based on PSO-SVR. Ex-
perimental results show that the prediction model based on PSO-SVR has a high precise and a suitable en-
vironment for software application.
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Fig.1 The contrast diagram of each model’s
forecasts data and original data
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Tab.2 Parameters optimal combination of SYS series data
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SYSI 0.226  185.382 2.236
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SYS3 0.286  278.228 1.990
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Tab.3 Prediction results of SYS series data
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= SYS2 1.213(1)  1.349(3) 1.632(4)  1.333(2)
M gys3 3.996(1) 4.502(3) 4.408(2) 4.585(4)
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