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Advances in understanding and recognition of spatial objects from scanned data
NING Xiaojuan, WANG Yinghui, HAO Wen
(Faculty of Computer Science and Engineering,Xi’an University of Technology,Xi’an 710048 ,China)

Abstract: Understanding and recognition of spatial objects are the important research in computer
vision and computer graphics which can be widely used in robot perception navigation, personal
safety and environment monitoring, etc. Based on different shape complexity of spatial objects in
point clouds, this paper mainly discusses the spatial objects from simple scenario (single target
object) to complex scenes (multi-target scenarios). Taking the segmentation, understanding and
recognition as mainlines, the paper summarizes the recent work and advances in understanding
and recognition of the spatial objects in point clouds respectively. Also, it points out the critical
issues including pose, topology and semantics encountered in the understanding and recognition of
spatial objects via the discussion and analysis of the existing advantages and disadvantages, and
suggests the corresponding solving-thinking ways and research priority for the future work.
Key words: point cloud data; spatial objects; object understanding; object recognition
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