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A face recognition algorithm based on the single front view
MAO Wen, ZHU Hong, ZHANG Yan
(School of Automation and Information Engineering, Xi’an University of Technology. Xi’an 710048, China)
Abstract: Based on the single front view of human face images, this paper aims at the solution of
the problem by target face recognition in the surveillance video with a method proposed to obtain
virtual and multi-pose face samples by homography; it extracts the Gabor feature; using principal
component analysis (PCA) to reduce the data dimension; after its use for training SVM classifi-
er, employing the semi-supervised SVM for face recognition. The method is used to verify the va-

lidity of the data set of National Graduate contest on smart-city technology and creative design.
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Fig. 1 Signal front view
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Fig. 2 Multi-pose face experiment results
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Fig. 3 Gabor feature amplitude response results
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Fig. 4 10 front view of human fromsmart-city

technology and creative design
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Fig. 5 Face recognition results in two scenes
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Tab. 1 10 types of face recognition results
ik YRt A MAEEA HERR/ %
SCHRLS] 330 1397 70. 57
SCHR[S] 330 1397 76. 77
SCHk[19] 330 1397 78. 88
ENS 7S 330 1397 87.75

F2 11 BRI R

Tab. 2 11 types of face recognition results
5k lER e MAFEA HERSR/ %
SCHRLS] 330 7 351 80. 56
SCHRLS] 330 7 351 95. 90
Sck[19] 330 7 351 94. 60
ARSIy 330 7 351 97.03
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Tab. 3 Face recognition results of type 11

ik IR A R/ %
ik (5] 5 954 83. 47
SCHKLS] 5 954 96. 60
Xk[19] 5 954 95.11
ARSI 5954 98. 06
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