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Short-term output prediction of photovoltaic power based on EMD-ANFIS model
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Abstract; For maintaining the safety and stability of network operation caused by photovoltaic
power generation paralleling in the Grid, it is necessary to improve the output prediction precision
of photovoltaic power. In this paper, based on data preprocessing technology, the Adaptive Net-
works based Fuzzy Inference System (ANFIS) model is improved by the Empirical Mode Decom-
position (EMD). Taking a photovoltaic power station, Longyangxia, for example, short-term
photovoltaic power prediction models, ANFIS model and EMD-ANFIS model are established
based on measured hour output data in the past. It is demonstrated that; O the deterministic co-
efficients of ANFIS model and EMD-ANFIS model are 0. 93 and 0. 96, respectively, both of
which are first-class models; @ The EMD-ANFIS model is better than the ANFIS model, both in
adaptability and perdition accuracy. which can fit the photovoltaic power output curve better un-
der different weather conditions. For greatly improved the perdition accuracy, the EMD-ANFIS
model is recommended on output prediction of photovoltaic power. The results are of significance
in maintaining the safety and stability of network operation by photovoltaic power generation par-
alleling in the Grid, improving the efficiency of green energy and the developing of photovoltaic
power industry.
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Fig. 3 EMD results of photovoltaic power
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