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A subgraph querying method for undirected weighted graphs
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Abstract: With the wide application of graphs, the querying on graph database attracts more and
more attention. This paper proposes a querying method called PSQuery based on shortest weight
path and Laplacian spectra for undirected weighted graphs. Specifically, we first choose some
high quality features to represent a graph, which includes the information of nodes labels, edges,
shortest weight path and Laplacian spectra. Then, these information features are encoded by
hash mapping, with their codes combined to build an index. Finally, we implement the filtering-
and-verification framework: the false positives are pruned according to the properties of extracted
features, and a candidate set is generated; the result set is obtained using the VF2 algorithm to
check the candidates. The experimental results show that the proposed method speeds up the
subgraph querying and improves the efficiency.
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